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Music generation and composition support by Al based on chord progressions
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1.1.2 3¢

The purpose of this study is to develop a system that learns chord progressions from a specific
artist's music and automatically generates them. The system will provide the generated chord
progressions in a form that is easy for composers to utilize, and build a tool to support the
integration of the chord progressions with the melody. With this tool, we aim to technologically

support the process of music creation and make it easier to overcome the barriers of creation.
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