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Research on Automatic Arrangement of Music using Al
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In recent years, composition by Al using deep learning has been realized in various ways.
The compositions in these technologies do not require musical knowledge at the time of design,
but are created by Al trained with the data necessary for learning and the network that
performs the learning. Focusing on this, the objective of this research is to enable a human
without musical knowledge to arrange the target music based on the training data by simply
specifying the genre and artist.
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0OS: Windows10 Home 64bit

CPU: Ryzen ThreadRipper 2920X 3.5GHz
RAM: 32GB

GPU: AMD Radeon RX5700
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Python 3.8.5

keras 2.2.4
h5py 2.10.0
music21 6.7.0
mumpy 1.19.2
plaidml 0.9.0
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%181  LSTM (Long Short Term Memory)
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%2 Hi GAN (Generative Adversarial Networks)
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[1] http://www.piano-midi.de/
[2] http://colah.github.io/posts/2015-08-Understanding-LSTMs/
[3] https://www.intel.com/content/www/us/en/artificial-intelligence/plaidml.html

[4] http://web.mit.edu/music21/
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